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Correlation Between Uncertainty—based and
Diversity—-based Querying Methods in Active Learning
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Abstract: Deep learning is used in many fields, including robotics, but labeling is crucial for deep
learning and is very costable. Active learning is proposed to address this issue. Following the entire
unlabeled dataset, active learning queries the data should be labeled first to perform the task. There are
two base methods to select data: uncertainty and diversity. These two methods are known to have a
negative correlation, but both are should be considered because both of them are important for the
performance of the model. In this paper, we show that uncertainty and diversity methods have not only
a negative correlation as known before but also have a positive correlation between the two methods.
As aresult, if we only consider one, both of them can be considered.
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Algorithm 1 Count Overlapped Data Algorithm
Input: subset S

F,, = Uncertainty Querying Strategy,

F; = Diversity Querying Strategy

Uu = Fu(S)v Ud = Ei(s)

N = num(U,NUy)

return N
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