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Image classification based on functional MRI signal
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Abstract

This study investigates the influence of resting-state noise on task-based fMRI data using the Natural Scenes Dataset
(NSD). Before the main experiment, we performed preprocessing on the fMRI data. Then, we applied PCA analysis to
both task fMRI and rs-fMRI to remove principal components with high correlation to the resting-state. To compare the
original task fMRI with the task fMRI after removing resting-state noise, we conducted a classification task. The results
for the latter were better. These findings suggest that collecting resting-state fMRI is meaningful, and removing it from

task fMRI improves performance.
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